TR RS
IPSJ SIG Technical Report

BINTED —— X BT AT LOREF EBE

B WEPUER WEEE WO R T
Gre

WME: HICERT 5 S Aot L, 42N REN SNS 2B U T 7 LZ A ATKMENSH, A
WFFECIE, KPR SFEET L (LLM) 2EHA LTINS OENNICET 2 =— X2 00T 2 FIEEIRET D, ==
—A AT 4T D YouTube F v > RN OEEHMICHET2a A hE2HEIE L, BIESTZ2EET S L EbiC, £
DOFERICE SO TG Z & OBR O 21T O AR Lz, AFE TR, 2 OFiEE AdhEREEMIcE A L,
YouTube F ¥ /b T L AT A RR S VT EAE S0 ATt 3 & EIR o Hrdih &2 il B IC vl b 95 2 & ¢, i =— X O Rk
SAEHLNC LIz, ZTHICR Y, oS BF~OBE AR L& o oA AN RENTZ,

F—0— K BIFSN, ERSH, ST, T

Design and Construction of Technology Market Needs Analysis
System

JING REN, SHOTA HACHISUKA, SATOSHI FUKUDA, HIDETSUGU NANBA,
HIROKO SHOJI
Chuo University

Abstract: As social expectations and concerns are reflected in real time through SNS regarding various rapidly evolving
technologies, this research proposes a method to analyze market needs regarding these technologies using large language models
(LLM). We built a framework that automatically collects comments on specific technologies from news media's YouTube channels,
performs sentiment analysis, and analyzes the factors associated with each emotion based on the results. In this study, we applied
this method to autonomous driving technology and visualized the emotional analysis results and factor analysis axes generated for
each YouTube channel on a map to clarify the regional distribution of market needs. This demonstrated the usefulness of the

analysis, including its applicability to other technical fields.
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