(LR UBEE SR v aty
IPSJ SIG Technical Report

BFdbhooo—Fv— FEBNSDHRAXDBEIER

e o U ALRAE T R HEES !

BE : Fxld, BAWVSTO - HOFFHXICET2HBET XX ML ATME L, Znba2hRT 52 L2 EE
LTW5, Z2ORHBDVEDE LT, AETIE, BFTO 70 —F v — MEffgH S OF o B8V AR ICER Y e,
TR SCAE AR ORI, () 7 u—F v — NEB S OCTHI O, @ MBEE AT —2 Ok, )15 M
A SCAE AR DI, O 3 OO TFIMEN B S D, AFFETIE, 11, 188 D7 v —F ¥ — MNEi{E & FHH Lo x4 A
WO, RN D ORI SUAERER Z A Uiz, EROMER, BHREIRO 7 e —F v — MZOWTUETERENE DL O D,
BO@WHASRERTE D Z L BNERTE -,

F—T—F:7n—Fr—b, CBER, CTRM T

Automatic Generation of Explanatory Text from Flowchart Images
in Patents
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Abstract: Our goal is to automatically extract knowledge about a set of procedures in a wide range of fields from
text and systematize them. As one of our attempts, this paper addresses the automatic generation of explanatory
text from flowchart images in patents. The construction of an explanatory text generator consists of three steps:
(1) extraction of text strings from flowchart images, (2) creation of data for machine learning, and (3) construction
of an explanatory text generator using T5. In this study, we constructed an explanatory text generator from
images using 11,188 flowchart image-explanatory text pairs. Experimental results confirmed that the
explanatory text generator can generate high-quality explanatory text, although some issues remain for

flowcharts with complex shapes.
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