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[ Abstract])
We propose a method for predicting traveler's next countries using the LSTM deep learning method. To predict the next country accurately, it needs
to consider features of tourism that involve travel experiences, in addition to country information such as location information and culture of each
country. Therefore, we propose a method considering country information using Wikipedia and features of tourism types, obtained through analyzing
social media with Random Forest. In this paper, we conducted an experiment using LSTM with Wikipedia and tourism types of input data, and
obtained the results, which were better than baseline methods, of Accuracy@]1, Accuracy@3, Accuracy@5, Accuracy@10, and MRR scores of
26.06%, 46.31%, 56.61%, 70.30%, and 0.403, respectively. Furthermore, the effectiveness of considering tourism types was confirmed at the

significance level of 5%.
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Nicn=40fREREWET 5.

®  Distance: HZITFHILIZED D FEEED TV E Z T IR
ReT5. fIBEBEHRT —F OWEIZONTIE, T~/
B AT 2 RO EEONLET — & *6% H T
198 E O EE O EERZIEL, £ DIEADIZD
Hi3ak 13 Python 7 A 77 U D Geocoder*7% FVTINEE L

*6 https://amano-tec.com/data/world.html
*7 https://geocoder.readthedocs.io/
*8 https://geopy.readthedocs.io/en/stable/

2. £72, ZoONrEERE OB S HIZ1X, Python
ZA4 77 U DGeoPy*8% U =,

®  Most Popular: FliH7 — & THHT 5 EH%Z THIFER &
T5. FALI0ODEE, TAV B, AFV R, 7T A,
A, KA, F—A T IVT, A ZVT, AL,
TNETF U, DT HXONEFETH ST,

®  StarSpace: FacebookZ3AB L CWAIRH==2—F LE
7 /LD StarSpace[19]% AV, Wi~ 4 L% U > 7 DR
e LT, FH - TREITY. BRI TA—FITON
TiE, EZEE0.001, KILEEZ100KTCETD.

® Wikipedia2Vec: T. > D T L £ h © 75 M EH %
Wikipedia2Vec D HHIFHET VA HNT= T 47
4 DBEIUCERL, ZNOOHMEHOTY L2
T VERENEWEZ TRRER L T 5.

®  LSTM(Wiki): Wikipedia2Vec® Rl E €T /L6 %
NENOESCHIRO =7 ¢ 7 4 O BFILE 15
L, ZREANT—4 & LZLSTMIZ L ) TIZET .
LSTMBIZ1gE L, 1= =y MREASIT—FZ D45y
BMEH LR T100L T 5.

REFE

LSTM(Wiki+Type): LSTM(Wiki) (Z%f L C, BltDEaE

DERMPYETHLNZEGOSSRITEMZ 52 &

TLSTM(Wiki) 4L L, THIZ1T5. LSTMEIXLE

L, Mia=y NMEEADNT —Z OBEBR LR T
1553 %.

[LSTM(Wiki+Type) (22 T]

Wikipedia2Vec D S Hij %8 2> 5 & L =2 0B HB IO
KEOKITZu 7=y N »LEEOEEOZNENOTF
DNV EOEILEEZHEET D 2 & TR LIEBERE AN
F—=HLL, ThL_ODEREZELETHETS.
LSTM(Wiki+Type) D& LT, THRIOHZ X217 .
ZOBITIE, 100 EBETRT 5 FERLTEBY, EA
DOSHEBENLINEBREAT—F2 L LTS, AT —
H OO FNEIZHOWNTCIE, £, AT —F L7 bEH%E
Wikipedia2Vec D R FH E 7T LB L OB EOFREO TR
MO EEOEIG A HWT, Z1LEH100IRIE & SSIRTED /3R
BUZEHRL, ZhO OO0 BRIAZHEAT DL L THD
NDFT RSSO BREAZE OSBRI L T5H. £ L
T, BoNTEEHOSBEIEZLSTMO AN L L, 8 - Tl
2179 . PRIFEROKRD HFIZHOWTIE, f(x) =1/ +e™)
TERINDHVITEA FEBERAL, BOBZTRELR
23648 O HIEB K Z WENBNEALST 21T 5 2 & TTH
FRLTDH. KERTIE, ZOKROLIIZ, BEOELSD
FiMEEZANT—2 & L, ROGEEEZTHT L2 L2
DT, 7ok, FEIMNOETFII0BEIORITCEEZFRLT
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[X12: LSTM(Wiki+Type) (Z X 2% 107> H O Tl D4

Wo.

42 REHRLER

ORI E TR ORGSR DR 2 6l rd. FEhrkk
BnD, "—=RA T A VU FEOLSTM(Wiki) & DZER/NE 0
H DD, FERFIEDOLSTM(Wiki+Type) T, T T D
FEIZBWTRbEVERS LN, £, LSTMEZ W= F
B ZDIEIDOFIEEIKT S &, LSTMO T3 EVEDN
Boniz. 2o s, FROFBEO THIZLSTM A
HTHDHEEZD. TDIED, LSIMLUSLOR—2F A F
1% CIZ, StarSpace & Wikipedia2Vec T HHRI B UVMENE Hh
7.

R FEDOLSTM(Wiki+Type) & _X— R T A »FiED
LSTM(Wiki) DZENR/NE W20, RBFEOHRNEZ KR
BRMEE AT LE LTORRAMO —>THRIET 5. %
T, ME AR A BN T, ABKES%IIBIT A REE
Tolz. MEIFAT DFHMET — X 203720, FnE
O FEDOFTAME DB H % 100[8 21T > 7. HEDREE,
F-XC O FEAM FEE CLSTM(Wiki) & LSTM(Wiki+Type) @
EWAER SN, F7, FERAMEMIET 5709, ERT
IEHRATE D RICHIN D I EE EfRE L TH> TWDEN, &
DRBRITFHNTWD2EZMAT-F3EOFIZ, TRILT
ENEGEENTODIHREFZ., HEORR, "—2F A

»FEDLSTM(Wiki) TIE27.17% THh o -5t L, 7%
FIEOLSTM(Wiki+Type) TiX L U E127.54% Th o7, T
NHDZ NG, KITEDOFROFHMELZ FRT 5I2H 7
-C, WikipedialZlx T, BUOLOWREDOFHHEZES D Z
EDRFNTH D AREMEZRE L TVND.

ARFEBRTIE, BEOFOOFFMIERIEZ AV TR OFHM
Ez PRI L7223, LSTMIZANT — % ORSRIID E S 34k
RITHET D Z ERMEINTND[20]. D728, BEET
LEMEIERE AL TOEERERTHLIEEZOND.
T, BETLIHHEORE2~4ZE I E G ED
LSTM(Wiki) & LSTM(Wiki+Type) @ % 13 O 1l & o
ZAbZBINTHE Lz, BET 2HMEOKDOEIZIED
Accuracy@13 X UO'MRROZEb % K312 R, KIH O BRI,
BAPRRFIEDLSTM(Wiki+Type) %, JREANNN—R T A
VFEOLSTM(Wiki) 2R L CE Y, Mo o 1IIE5ET 5
PIEEOK, HETEOFIE EEERL TWD. FhE
NOFHIEDEHIZIL, B5D&L:NUIHEILI-F—Z ¥ v b
THIFE - 324l - BRFEZ AV, LSTM(Wiki+Type) 38 L O
LSTM(Wiki) CTRIEED KT TEBREZIT> T\ 5. K34
BTDE, BETIHMEOKZ2B5~EEL L TN
LT, ENENOTHEREL 2o TND Z &R DA 5.
X, BETIERENSEX LT, LV IE#RTH
EARIZLTWAZEREZOND. £, 20 EEHEL

K 6: FEROFIRE T 0 FF Al F2ER DR

Fik Accuracy@l | Accuracy@3 | Accuracy@5 | Accuracy@10 MRR
Random 0.44% 1.31% 2.15% 4.20% 0.026
n-gram (n = 4) 3.75% 8.75% 12.71% 19.43%
Distance 6.60% 25.78% 37.03% 50.05% 0.209
~N—RF A FjE | Most Popular 7.85% 16.01% 22.24% 37.29% 0.170
Wikipedia2 Vec 12.36% 25.12% 33.83% 49.33% 0.236
StarSpace 12.76% 25.90% 34.90% 49.72% 0.238
LSTM(Wiki) 25.68% 46.00% 56.22% 70.24% 0.401
REFIE LSTM(Wiki+Type) 26.06% 46.31% 56.61% 70.30% 0.403
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7% 7: Wikipedia2Vec & BUEOTERED FH3 00 55D

T MR B A HERE D B S )

Wikipedia2 Vec BULOIERE
E4, Hilsg | ELOE | B4, s | JOE
ye7r 0.874 HRYT 0.968
Fa=UT 0.870 ALK 0.967
INE 0.863 A Ry 7T 0.963
U7 0.860 Iy rv— 0.963
A=K 0.837 SN 0.962
T IC, FEBRIZ, BULOEBOFRNY FEI HES LT

DBEBNRED LD R HEESE L TWDHDNITDONT,
S AL % VO C Wikipedia2Vee & OH#E 24T 5. %
7, H?in&E@ﬁﬁﬁFﬁﬁ%&lVﬁk%mu,
WlklpedlaZVecioJ:U%EJ'é@ D FENR NV EOENEN
DHFRELC 763%4/EUW@LM5bI&%@%
Ufhé”i\@ 2R, Wikipedia2Vec® EALSMENCIEH T 5 &,
#%%%77)ﬁﬁk@:/7bk%@mﬁ%# T UME S
WATND. ZOFREFRIZH L TEEOFEHETIL, TravelBlog
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ATRT A= Uy MIETOEMAL AN
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7% 8: Wikipedia2Vec & BIEOTRED FH3 00 55D
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TNIRA 0822 | 7Y I 7 EREEM | 0.962
A KRRV T 0.788 <l —37 0.959
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K72 v H IR — )L % FIZ, Wikipedia2Vec 38 L OV DI RE
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