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Predicting the Next Country Considering Features of Tourism Types
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Abstract: We propose a method for predicting the traveler’s next country by using machine learning. To predict the next country
accurately, it needs to consider the country information and features of tourism. Therefore, we propose a method considered country
information using Wikipedia, and tourism types using clue words. In this paper, we conducted an experiment using LSTM with
Wikipedia and tourism types of input data, and obtained the results, which is better than baseline methods, of Accuracy@1 and
MRR scores of 26.06% and 0.403, respectively.
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