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Abstract. We propose a new tourist recommendation system based on travelers’ emotions. This system recommends tourist
spots to travelers in terms of emotions, such as surprising and joyful tourist spots. To create this emotion-based system, we use
travel blogs. Travelers’ emotions can be recognized from texts as well as images in the blogs. We constructed a tourist spot
recommendation system based on emotions by aligning images and their corresponding sentences, and estimating emotions from
them. In order to confirm the effectiveness of our method, we conducted some experiments. In the experiment on aligning images
with sentences, we obtained precision of 0.889, recall of 0.013, and F-measure of 0.025. In the experiment on emotion estimation,
precision of 0.923, recall of 0.974, and F-measure of 0.948 were obtained.
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It just went on forever, we couldn’ t even
finish it! We visited the hello kitty shop
before snacking on warm savory buns and
chocolate cakes filled with gooey chocolate
and caramel for lunch. We then found a stall
called “dolphins” selling sweet fried batter
with a hot custard filling with chocolate
chips yum! =+*
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George Grindal was pleased that he could turn to the bedside

cabinet and take up the feeding glass containing orange juice.
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The boy bowed again, enjoying her astonishment in the same way
he had enjoyed the applause of the T'ang earlier that day when he
had played Tsu Tiao.
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