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SVM(text) 0.695 | 0.602 | 0.645
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Forest(text) 0.783 | 0.612 | 0.687

fastText(text) 0.787 0.624 0.696
DAN(text) 0.560 | 0.691 | 0.619
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CNN(text) 0.329 | 0.714 | 0.450
LSTM(text) 0.309 | 0.705 | 0.430

CNN_LSTM(text) | 0.377 | 0.751 | 0.502
Bi-LSTM(text) 0.293 | 0.718 | 0.417
DAN(text+img) 0.767 | 0.641 | 0.698
SCDV(text+img) [ 0.743 | 0.653 | 0.695
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SVM 0.685 0.821 0.747
random forest | 0.579 0.836 0.684
fastText 0.974 0.376 0.542
DAN 0.511 0.870 0.644
SCDV 0.563 0.887 0.689
CNN 0.923 0.974 0.948
LSTM 0.487 0.874 0.626
CNN_LSTM 0.571 0.912 0.702
Bi-LSTM 0.480 0.880 0.621
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He also gave us an excellent tip about the Geisha
girls - from his smile, he was a man in the know
- and said we should be in the Gion District
around 6pm to have any chance of seeing them,
and it would be a slim chance if at all.
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She moved so quickly that it was really difficult
to get a really good photo.
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